This appendix provides additional details about the algorithm used to impute NICU admissions in the Calfiornia data. First, I divide observations into three types of records: births, transfers, and readmissions. 1 Second, I prevent NICU admission for transfer records more than two weeks after birth and readmission records more than 14 weeks after birth. According to a neonatologist that I interviewed, readmitted infants can be cared for in the NICU, but not if they are readmitted long after birth, particularly if they were healthy at birth and are too large for the NICU bassinets. I base these cutoffs on empirical patterns in the New York data that suggest readmitted and transferred infants are very unlikely to be admitted to the NICU after these time periods. 2 All other birth, transfer, or readmission observations not described above are considered candidates for NICU admission. Phibbs et al. (1996) consider likely admission for infants with a length of stay greater than five days. I find in my data set that a threshold of 5 days is too inclusive and in many hospitals would impute admissions for more infants than my target allows. Therefore, the third step of my procedure assigns NICU admission to all infants with a length of stay greater than 10 days. This threshold still overshoots the target in some hospitals, but by far less than when using a five-day threshold. Fourth, A-1
1 Transfers are identified as any record in which the admission source is from another acute care hospital and follows a record for the same infant in which the discharge status is to another acute care hospital. All other records that are not birth records are identified as readmission records.
2 I find that readmission records in the first week following birth have a 28.3% chance of NICU admission. This quickly falls to 8.1% during the second week after birth, 3.8% during the third week, and less than 2% for all subsequent weeks. Transferred infants within one week of birth have a NICU admission rate of 75%. This falls quickly in the second week to 39.9% and then gradually decreases over time, falling below 10% during the 15th week and below 5% during the 21st week.
I impute the rest of the admissions necessary to meet the target number in each hospital-year by selecting infants with the highest charges per day. NICU stays are extremely expensive, so it is very likely that the most expensive babies have accumulated their charges in the NICU. 3 24.98% of admissions are imputed based on stays longer than 10 days. The remaining 75.02% are chosen based on charges per day.
B Sample Construction Details
This appendix provides details of the construction of the analysis samples and discusses some robustness checks regarding the sample composition. Appendix Table A .1 lists the number of observations remaining after each step. I begin with the universe of infant hospital admissions in each state. This includes 7,053,804 total observations in California from an average of 362.36 hospitals per year. Of these records, 6,221,001 are births, the remaining being transfer and readmission records. The corresponding numbers in New York are 2,838,998 total observations, 2,441,064 million births from 191.70 hospitals per year. As I continue describing my sample restrictions, I will refer to the number of birth records, since these will be the primary records used for analysis. Appendix Table A .1 also lists the number of total records at each step, as all of these records are included in the initial NICU admission imputation algorithm described above.
I first restrict the sample to hospital-year pairs that report a positive number of neonatal intensive care beds and patients in the hospital-level data sets. Because my research question and identification strategy are directly related to NICU capacity at the delivery hospital, I must restrict my sample to hospitals operating NICUs. 4 In New York I also exclude hospital-years with no infant records containing a Level IV accommodation code. After restricting to hospitals that operate a NICU, I am left with 4,269,275 births from 139.55 hospitals per year in California and 1,049,778 births from 39.90 hospitals per year in New York, as seen in the third row of Appendix Table A.1. Next I make some minor restrictions based on data quality and to facilitate my NICU admission algorithm. I eliminate a small number of hospital-years that either report zero births in the hospital-level data or have no birth records present in the inpatient data. 5 I also eliminate a small number of hospitalyears for which the number of births reported by the hospital-level data and the number of birth observations in the inpatient data differ by more than 10% in California and 25% in New York. I then eliminate hospital-years for which all patients are missing charge data in California. Without data on hospital charges, I cannot assign NICU admission for infants in these hospitals. 6 The result of these steps can be seen in the fourth through sixth rows of Appendix At this point I classify NICU admissions for all remaining observations and construct the daily empty beds measure. In California, there are some cases in which many infants had a length of stay greater than 10 days, leading to too many admissions identified by the admission imputation algorithm as compared to the target number of discharges. I drop all observations for a hospital-year in which the target number of discharges differs from the number of imputed admissions by more than 10%. This restriction only removes 1.27 hospitals per year and 1.9% of birth observations, as seen in the seventh row of Appendix Table A .1.
Finally, I construct the analysis sample from the remaining birth records. I drop a very small number of observations in California for which the admission date or birth weight is missing. I then exclude observations from 1991 in California and 1994 in New York, because I do not observe the stock of infants in a NICU at the beginning of the sample. 7 I also exclude observations from 2003 in New York because the data does not include observations on infants admitted in 2003 but discharged in 2004. These restrictions are listed in rows eight through ten of Appendix Note, there are some changes over time in the number of hospitals represented in my analysis sample. With hospital-specific month fixed effects, these composition changes should only affect my results if hospitals entering the sample over time respond to available capacity differently from hospitals in the sample from the start. In California 56.61% of patient observations are from hospitals that remain in the data for the full ten-year period, and 80.68% are from hospitals in the data for nine years. Appendix Table A .2 reports that my main estimates discussed in Section ?? are robust to including only those hospitals present for all ten years. The sample changes are more complicated in NY. While there is a general increase in the number of NICUs in New York, there is also a large increase in the number of hospitals in my sample between 1998 and 1999, when the sample increases from 20 to 36 hospitals. The main reason for this stark change is a large number of hospitals that do report operating NICU beds but do not record NICU accommodation codes for any patients in the inpatient data set during the earlier data years. 8 Robustness checks reported in Appendix Table A .2 show that the main estimates are robust to separating the sample into two time periods: 1994-1998 and 1999-2003. 9 .016
C Supplemental Tables and Figures
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Notes: This figure plots trends in the fraction of VLBW infants and the fraction of infants admitted to the NICU by quarter from the analysis samples. VLBW infants are measured on the left hand side axis while NICU admission is measured on the right hand side axis. A-7 Notes: Each row presents coefficient estimates in percentage points with standard errors in parenthesis (clustered at the hospital level) from separate regressions of NICU admission on various parameterizations of the number of empty beds for the full sample and each of the five birth weight subsamples in each state. Column 1 repeats the main estimates from Table ? ?. Column 2 replaces the number of empty beds with the number of empty beds divided by the hospital-year average number of births per day (in 10s). Column 3 replaces the number of empty beds with the percent of beds that are empty. Specifications include all control variables described in the notes to Table ? ?, including hospital-specific month fixed effects. * p<.10, ** p<.05
A-10 A-11 Notes: Each row presents coefficient estimates in percentage points with standard errors in parenthesis (clustered at the hospital level) from separate regressions for the VLBW and LBW samples in California. Column 1 presents coefficient estimates from regressions of an indicator for maternal transfer on the number of empty beds at the mother's first hospital of admission within a day of delivery. Column 2 presents estimates of regressions of NICU admission on empty beds, excluding infants whose mother's experienced a maternal transfer. Specifications include all control variables described in the notes to Table ? ?, including hospital-specific month fixed effects. * p<.10, ** p<.05
A-13 
Empty Beds 0.140** 0.142** (0.015) (0.033)
Empty Beds X Distance 0.046** -0.002 to Nearest Other NICU (0.014) (0.009)
Notes: Each column presents coefficient estimates in percentage points with standard errors in parenthesis (clustered at the hospital level) from separate regressions of NICU admission on the number of empty beds and the number of empty beds interacted with distance to the nearest other hospital operating a NICU for the full sample in each state. Specifications include all control variables described in the notes to Table ? ?, including hospital-specific month fixed effects. * p<.10, ** p<.05
A-14 Notes: Each column presents coefficient estimates in percentage points with standard errors in parenthesis (clustered at the hospital level) from separate regressions for the full sample in each state. Independent variables include the number of empty beds at the birth hospital and at each of the three closest NICUs. Specifications include all control variables described in the notes to Table ? ?, including hospital-specific month fixed effects. * p<.10, ** p<.05
